Ho

MM - MEHE £

2018d &ttt 3|

CNN 7|8te] A#AF4 dugdEFS o83 AAFE Al2de F3 A4 A
Tracking robustness enhancement for electro—optical system using
correlation tracking algorithm based on convolutional neural network
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ABSTRACT

Electro-optical tracking systems (EOTS) have a function for target tracker using image sensor and servo

control gimbal modules. Although the target tracking function is the most important specification, not only its

robustness is degraded in a condition of different scenes or dynamic distortion but also its performance for

long-term tracking is especially difficult. As a conventional tracking algorithm, a template matching method

using normalized cross correlation are widely used, but it has a limitation for variable shape of targets and

occlusion. This study is improving robustness of EOTS tracker based on efficient convolutional neural network.

The experimental results show that the tracking accuracy are increased up to 60 percent and robustness are

improved as 84 percent.
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